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A system and method are disclosed for optimizing website
effectiveness. Original input data associated with a plurality
of website effectiveness variables is processed using a web-
site effectiveness model to generate a first website effective-
ness value, which in turn is processed to generate a dependent
variable. Input data corresponding to an individual website
effectiveness variable is then processed to generate changed
input data, which in turn is processed by the website effec-
tiveness model with the original input data and the dependent
variable to generate a second website effectiveness value. The
first and second website effectiveness values are then pro-
cessed to determine the effect of the changed data on the first
website effectiveness value.
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WEB ANALYTICS NEURAL NETWORK
MODELING PREDICTION

BACKGROUND OF THE INVENTION

1. Field of the Invention

The present invention relates to the management of infor-
mation handling systems. More specifically, embodiments of
the invention provide a system, method, and computer-read-
able medium for using predictive web analytics to optimize
the effectiveness of a website.

2. Description of the Related Art

As the value and use of information continues to increase,
individuals and businesses seek additional ways to process
and store information. One option available to users is infor-
mation handling systems. An information handling system
generally processes, compiles, stores, and/or communicates
information or data for business, personal, or other purposes
thereby allowing users to take advantage of the value of the
information. Because technology and information handling
needs and requirements vary between different users or appli-
cations, information handling systems may also vary regard-
ing what information is handled, how the information is
handled, how much information is processed, stored, or com-
municated, and how quickly and efficiently the information
may be processed, stored, or communicated. The variations in
information handling systems allow for information handling
systems to be general or configured for a specific user or
specific use such as financial transaction processing, airline
reservations, enterprise data storage, or global communica-
tions. In addition, information handling systems may include
a variety of hardware and software components that may be
configured to process, store, and communicate information
and may include one or more computer systems, data storage
systems, and networking systems.

These same information handling systems have played a
key role in the rapid growth of electronic commerce on the
Internet. One known aspect of electronic commerce is web
analytics, which includes the measurement, collection, analy-
sis and reporting of Internet data for purposes of understand-
ing and optimizing web usage. In general, web analytics falls
into two broad categories. The first, off-site web analytics,
refers to the measurement of a target website’s audience (e.g.,
opportunity), share of voice (e.g., visibility), and buzz (e.g.,
user comments) that is happening on the Internet as a whole.
The second, on-site web analytics, refers to the measure a
visitor’s behavior at a target website. This behavior includes
the user’s drivers and purchase conversions in a commercial
context. The data resulting from such on-site web analytics is
typically compared against key performance indicators
(KPIs) for performance, and is also used to improve the web
site or the response from a marketing campaign. As such, web
analytics can be a key component in ensuring that the com-
pany’s web presence is driving the results it desires, including
brand reputation, revenue, self-support, sales leads, etc.

Historically, web analytics has typically been based upon
observed results with clear test case protocols, which includes
A/B style testing where different versions of the same web
page are served up and then measured to see which version
results in higher click-through rates, purchase conversion,
and so forth. However, such approaches generally require the
creation of multiple test cases. Furthermore, analysts often
find themselves relying upon their intuition when deciding
which features should be developed for testing. Moreover, the
number of tests that can be conducted is typically limited due
to the time it takes to run each test individually or in combi-
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nation with other tests. As aresult, the accuracy and reliability
of traditional web analytics approaches can prove to be lim-
ited.

SUMMARY OF THE INVENTION

A system and method are disclosed for using predictive
web analytics to optimize the effectiveness of a website. In
various embodiments, input data associated with website
effectiveness variables is received and cleansed, and lag val-
ues are solved for time series data. An initial website effec-
tiveness model is then built, using individual (e.g., Bayesian
network), or combinations (e.g., combining Bayesian with
structural equation models), of approaches. The resulting
website effectiveness model is then pruned to ensure that
business sense is maintained, and the initial model is then run.

In one embodiment, the initial results from running the
model are combined into latent variables, or alternatively,
their individual variable impacts are simply summed, to pro-
duce functional optimizations. Web Analytics data is then
placed as independent variables into a multivariate economet-
ric style model, where the dependent variable corresponds to
a predetermined business purpose of the website. In various
embodiments, the dependent variable may include one or
more metrics related to customer experience, revenue, cost
avoidance, or brand. In certain embodiments, key business
drivers are captured in addition to the dependent variables that
impact the business purpose output. In various embodiments,
the addition of these business drivers allows isolation of the
respective effect that each of the dependent variables has on
the business outcome, purpose, or both. In certain embodi-
ments, this isolation assists in identifying those parts of the
website whose improvement will have the most impactful
improvement to the business outcome.

In certain embodiments, a time series model approach is
implemented with the aforementioned model to make it more
predictive. In these and other embodiments, predetermined
variables from the model are selected, each of which repre-
sents various functional levers. In turn, the time series model
varies at least one variable from each functional lever. As a
result, the time series model can show the impact of a given
functional lever, such as sales, on revenue and website effec-
tiveness in the future. This assists in the selection of areas to
focus investment for testing purposes by providing “what if”
scenario projections to predict the respective impact of vari-
ous areas of the website on improvement to the business
outcome. In turn, the larger Bayesian network model can then
beused to provide the details of the specific variables and Key
Performance Indicators (KPIs) that merit improvement. In
various embodiments, an independent website effectiveness
variable is selected and the initial website effectiveness value
is used as the dependent variable. The model is then run with
varying values of the independent variable to determine its
respective effect on revenue and website effectiveness. The
effect of these effects on revenue can then be quantified as
inputs to a corresponding revenue model. The results of those
subsequent runs can then be used to optimize individual busi-
ness drivers to improve website effectiveness as well as over-
all revenue.

BRIEF DESCRIPTION OF THE DRAWINGS

The present invention may be better understood, and its
numerous objects, features and advantages made apparent to
those skilled in the art by referencing the accompanying
drawings. The use of the same reference number throughout
the several figures designates a like or similar element.
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FIG. 1 is a general illustration of components of an infor-
mation handling system as implemented in the system and
method of the present invention;

FIG. 2 is a simplified network diagram showing the rela-
tionship between a plurality of website effectiveness input
variables;

FIG. 3 is a simplified block diagram showing the analysis
of website effectiveness input variables to generate website
effectiveness metrics;

FIG. 4 is a simplified block diagram showing the causal
relationship between a plurality of website effectiveness
input variables and their resulting effect on website effective-
ness;

FIG. 5 is a simplified bar chart showing the relative effect
of a plurality of website effectiveness input variables on web-
site effectiveness; and

FIG. 6 is a generalized flow chart of the performance of
predictive web analytics operations.

The present invention may be better understood, and its
numerous objects, features and advantages made apparent to
those skilled in the art by referencing the accompanying
drawings. The use of the same reference number throughout
the several figures designates a like or similar element.

DETAILED DESCRIPTION

A system and method is disclosed for using predictive web
analytics to optimize the effectiveness of a website. For pur-
poses of this disclosure, an information handling system may
include any instrumentality or aggregate of instrumentalities
operable to compute, classify, process, transmit, receive,
retrieve, originate, switch, store, display, manifest, detect,
record, reproduce, handle, or utilize any form of information,
intelligence, or data for business, scientific, control, or other
purposes. For example, an information handling system may
be a personal computer, a network storage device, or any
other suitable device and may vary in size, shape, perfor-
mance, functionality, and price. The information handling
system may include random access memory (RAM), one or
more processing resources such as a central processing unit
(CPU) or hardware or software control logic, ROM, and/or
other types of nonvolatile memory. Additional components of
the information handling system may include one or more
disk drives, one or more network ports for communicating
with external devices as well as various input and output (I/O)
devices, such as akeyboard, amouse, and a video display. The
information handling system may also include one or more
buses operable to transmit communications between the vari-
ous hardware components.

FIG. 1 is a generalized illustration of an information han-
dling system 100 that can be used to implement the system
and method of the present invention. The information han-
dling system 100 includes a processor (e.g., central processor
unit or “CPU”) 102, input/output (1/O) devices 104, such as a
display, a keyboard, a mouse, and associated controllers, a
hard drive or disk storage 106, and various other subsystems
108. In various embodiments, the information handling sys-
tem 100 also includes network port 110 operable to connect to
a network 140, which is likewise accessible by a service
provider server 142. The information handling system 100
likewise includes system memory 112, which comprises
operating system (OS) 116 and is interconnected to the fore-
going via one or more buses 114. In various embodiments, the
system memory 112 may also include a predictive web ana-
Iytics system 118. In one embodiment, the information han-
dling system 100 is able to download the predictive web
analytics system 118 from the service provider server 142. In
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another embodiment, predictive web analytics system is pro-
vided as a service from the service provider server 142.

FIG. 2 is a simplified network diagram showing the rela-
tionship between a plurality of website effectiveness vari-
ables implemented in accordance with an embodiment of the
invention. As used herein, website effectiveness broadly
refers to the effectiveness of a website in achieving its design
goals. Examples of such design goals include customer expe-
rience, cost avoidance, revenue, and brand awareness.
Examples of independent variables that could be measured
include higher click-through rates on predetermined pages,
conversion rates on download of content, conversion rates on
adding items to a shopping cart, conversion rates on setting up
a user account, return visits for predetermined content, page
views on certain pages, clicks on ads, and watch counts of
certain video types. As likewise used herein, a website effec-
tiveness variable (i.e., an independent variable) broadly refers
to an element of a website, such as a design, a feature, content,
a message, a function, a process, or a user experience that
contributes to website effectiveness. Other examples of a
website effectiveness variable may include textual, graphical
or video content that may be presented to a user statically,
dynamically, or interactively. Further examples of a website
effectiveness variable may include search engine optimiza-
tion (SEO) terms and search engine marketing (SEM) func-
tions that are implemented to selectively present predeter-
mined promotional messages or other content to a user.
Additional examples of a website effectiveness variable may
include multiple or individual steps of a business process
(e.g., online shopping) or a user experience (e.g., customer
service). Skilled practitioners of the art will recognize that
many such examples of a website effectiveness variable are
possible and that the foregoing examples are not intended to
limit the spirit, scope or intent of the invention.

In this embodiment, a plurality of website effectiveness
variables 202 are implemented in a Bayesian network to
provide website analytics input data to a predictive website
analytics model 204. In various embodiments, the plurality of
website effectiveness variables 202 may include individual
206 website effectiveness variables. In these and other
embodiments, the website effectiveness variables 202 may
likewise include aggregate 208, 212, 216 website effective-
ness variables that respectively include related groups 210,
214, 218 of website effectiveness variables. In various
embodiments, the website effectiveness variables 202 may
likewise include correlated 208, 212, 216, 220 website effec-
tiveness variables that are variously affected by their coun-
terparts, which in turn affect the values they provide to the
predictive website analytics model 204. It will be appreciated
by those of skill in the art that many such embodiments are
possible and the foregoing are provided only as examples and
are not intended to limit the spirit, scope or intent of the
invention.

FIG. 3 is a simplified block diagram showing the analysis
of website effectiveness variables implemented in accor-
dance with an embodiment of the invention to generate web-
site effectiveness metrics. As shown in FIG. 3, a plurality of
model input variables 302 are analyzed using one or more
analytic 304 methods to generate website effectiveness met-
rics 306. In various embodiments, the model input variables
302 may comprise website effectiveness variables related to a
design, a feature, content, a message, a function, a process, or
a user experience as described in greater detail herein.

As shown in FIG. 3, the one or more analytic 304 methods
may comprise analytic 304 methods familiar to those of skill
in the art, such as multivariate analysis, regression analysis,
Bayesian modeling, structured equation modeling (SEM),
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and business intelligence (BI) analytics. In various embodi-
ments, and as described in greater detail herein, these one or
more analytic 304 methods may be implemented to generate
a brand equity ROI model. Likewise, as shown in FIG. 3, the
resulting website effectiveness metrics 306 generated from
performing the aforementioned analytic 304 methods may
correspond to revenue and margin growth measured by total
return on investment (ROI), brand, brand awareness, and cost
avoidance.

In certain embodiments, revenue value, cost avoidance,
and customer experience are calculated as follows:

Revenue=Py+p*Brand+f, *X+P3 ¥Xo+p,4 ¥X +
Bs*Xo+Bs™ X,

Cost Avoidance=o+p* Brand+f, *X;+P3 *Xo+p, *X  +
Bs*Xo+Ps™ X3

Customer Experience=Rq+p * Brand+f,*X| +f3 *Xo+
o X +B5 " Xo+Ps* N5

where f3, is the base.

In order to determine the area of focus, the elasticities, and
the respective degree of each dependent variable’s contribu-
tion to the effectiveness of the website can then be compared
to one another to assist in prioritizing areas for future invest-
ment.

FIG. 4 is a simplified block diagram showing the causal
relationship between a plurality of website effectiveness
input variables implemented in accordance with an embodi-
ment of the invention and their resulting effect on website
effectiveness. As shown in FIG. 4, the website effectiveness
variables 402, as described in greater detail herein, may com-
prise website design 404, website features 406, website con-
tent 408, website functions and processes 410, and user expe-
rience 412. In this embodiment, the causal relationship of the
website effectiveness variables 402 between themselves and a
website effectiveness 414 model is expressed as a structural
equation model (SEM) familiar to skilled practitioners of the
art. These same skilled practitioners will recognize that the
website effectiveness variables 402 may comprise other web-
site effectiveness variables that are not shown and that the
foregoing is not intended to limit the spirit, scope or intent of
the invention.

As described in greater detail herein, various analytic
methods (e.g., multivariate analysis, regression analysis,
Bayesian modeling, SEM, business intelligence analytics,
etc.) may be implemented individually or in combination to
generate a website effectiveness 414 model.

Once the model is generated, the respective effect of vari-
ous website effectiveness variables 402, either individually or
by classes, groups or interrelationships, can be determined.
As an example, it may be desirable to analyze and optimize
the effect website innovation has on the web effectiveness 414
model. Accordingly, the values of various website effective-
ness variables 402 are scaled back, leaving only the website
effectiveness variables 402 that are most relevant to website
innovation. The granularity of the remaining website effec-
tiveness variables 402 is then increased. As a result, the effect
on the website effectiveness 414 model can be seen in detail
by varying the values of each of the remaining website effec-
tiveness variables 402.

Those of skill in the art will appreciate that various
instances of the website effectiveness 414 model may require
recalibration from time to time. For example, the effect ofone
of'the more granular website effectiveness variables 402 may
demonstrate a greater effect on the website effectiveness 414
model than others. As a result, this variable is included as an
individual, or more highly valued, website effectiveness vari-
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6

able 402 in a higher-level website effectiveness 414 model. In
various embodiments, the more effective website effective-
ness variable 402 is incorporated appropriately in other web-
site effectiveness 414 models as well.

Skilled practitioners of the art will be aware that Bayesian
modeling does not lend itself to being predictive. Accord-
ingly, in various embodiments, predetermined key website
effectiveness variables 402 are taken from a Bayesian website
effectiveness 414 model and are then included in a time series
approach to make the website effectiveness 414 model more
predictive. In these and other embodiments, each functional
group of website effectiveness variables 402 includes at least
one website effectiveness variable 402 that is represented in
the time series. This approach provides the ability to make
predictions at a functional level. If additional details are
required, then the Bayesian models can be analyzed to pro-
vide a plethora of details related to the various website effec-
tiveness variables 402 in each respective Bayesian model.
Those of'skill in the art will recognize that the aforementioned
approach is more limiting on the website effectiveness vari-
ables 402 that can be included in a website effectiveness 414
model.

Inone embodiment, more frequent results from the website
effectiveness 414 model are possible without having to
relearn a source Bayesian network. In this and other embodi-
ments, the input website effectiveness variables 402 are used
with the existing network on a recurring basis. As the values
of the input website effectiveness variables 402 change over
time, resulting results and optimization details are provided,
which in turn are used as guidance for course corrections on
website investment plans, etc. In another embodiment, the
same website effectiveness input variables 402 are used, but
they are revised to correspond to an industry-specific revenue
to determine the relative impact of the website effectiveness
input variables 402 within those industry sectors.

In yet another embodiment, the time period for collecting
measurement data associated with the website effectiveness
input variables 402 is extended, with a corresponding
decrease in the granularity of the website effectiveness input
variables 402 associated with various aspects of website
effectiveness. In still another embodiment, the website effec-
tiveness 414 model is based upon a regression analysis model.
In another embodiment, the website effectiveness 414 model
is based upon a regression analysis model is based upon a
Bayesian model approach combined with a SEM model. In
this and other embodiments, the aforementioned website
effectiveness 414 model is based upon a regression analysis
model is used for validation. Those of skill in the art will
realize that negative impacts resulting from the measurement
data associated with the website effectiveness input variables
402 may have a negative influence on website eftectiveness
414 model, which is acceptable.

In still another embodiment, the website effectiveness vari-
ables 402 comprise social media metrics. In this and other
embodiments, the social media metrics are used to capture
difficult-to-measure key performance indicators (KPIs), such
as website innovation, and to provide an additional source for
website effectiveness metrics that are more real-time in
nature. In these various embodiments, it will be appreciated
by skilled practitioners of the art that metrics associated with
certain website effectiveness variables 402 may be more dif-
ficult to capture and using data from social media sources may
be advantageous. As an example, it is possible that certain
KPIs may be internally tweaked to make the effectiveness of
awebsite appear successful, despite the fact that decisions are
not being made for the right reasons. In such an example,
social media metrics may provide improved measurements
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that are more reflective of the actual causes for the successtul
effectiveness. From the foregoing, it will be appreciated that
if social media metrics perform better than functional group
KPIs, then a case can be made to either improve the KPIs or
turn to social media measurements in lieu of the existing
KPIS, as they are more heavily correlated with business
impact.

FIG. 5 is a simplified bar chart showing the relative effect
of a plurality of website effectiveness input variables, as
implemented in accordance with an embodiment of the inven-
tion, on website effectiveness. In this embodiment, website
effectiveness variables, as described in greater detail herein,
are respectively adjusted to act as “effectiveness levers” 502
to determine their relative effect on website effectiveness. As
shown in FIG. 5, the effectiveness levers 502 being consid-
ered in this embodiment comprise “content” 504, “messages”
506, “whitepaper downloads” 508, “positive user experi-
ence” 510, “sales” 512, “website design” 514, “viewing of
more than five products” 516, and “conversion rate on login”
518. The resulting relative effect for predetermined values of
the effectiveness levers 502 is then displayed in graphical
form, along with a graphical representation of their effect
upon revenue 520. As shown in FIG. 5, the resulting relative
website effectiveness is displayed as “total gain” 522, “total
loss™ 524, and “net gain” 526. It will be appreciated that it is
possible that the resulting relative effect will change as the
value of each of the effectiveness levers 502 is changed. It will
likewise be appreciated that applying various website effec-
tiveness models, as described in greater detail herein, allows
for not only a full business view incorporating all business
units, but also individual business units or lines of business by
adjusting the effectiveness levers 502 that have an impact on
revenue, web effectiveness, etc.

FIG. 6 is a generalized flow chart of the performance of
predictive web analytics operations implemented in accor-
dance with an embodiment of the invention. In this embodi-
ment, predictive web analytics operations are begun in step
602, followed by the receipt in step 604 of input data associ-
ated with website effectiveness variables described in greater
detail herein. Then, in step 606, the input data is cleansed and
lag values are solved for in time series data, using approaches
familiar to those of skill in the art. An initial website effec-
tiveness model is then built in step 608, using individual (e.g.,
Bayesian network) or combinations (e.g., combining Baye-
sian with structural equation models) of approaches
described in greater detail herein. The resulting website effec-
tiveness model is then pruned in step 610 to ensure that
business sense is maintained, and the initial model is then run
in step 612.

A determination is then made in step 614 whether to com-
bine the initial results from running the model into latent
variables, or alternatively, simply sum individual variable
impacts, to produce functional optimizations. As an example,
a website effectiveness variable’s revenue impact and elas-
ticity, etc. is calculated by considering all variables associated
with the website effectiveness variable’s key performance
indicators (KPIs) that are considered meaningful. If it is
determined in step 614 to perform the combination or sum-
mation operations, then they are performed in step 616. Oth-
erwise, or once the combination or summation operations are
performed in step 616, then a current website effectiveness
value is generated in step 618.

Then, in step 620, the resulting website effectiveness value
is used as a dependent variable in the model in subsequent
steps. In one embodiment, website effectiveness measure-
ments are added to a “floating base” to determine the website
effectiveness value. In this embodiment, the floating base is
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the equivalent of a constant in an equation. For example, in
the equation y=ax+b, ‘b’ would be the floating base. In this
and other embodiments, the website effectiveness value is
accurate if all website effectiveness variables have been
included as inputs to the website effectiveness model. It will
be appreciated that failure to include all relevant website
effectiveness variables will likely result in an inaccurate web-
site effectiveness value. As an example, failure to include all
website effectiveness values that have an impact on revenue
will result in their actual impact being undefined not contrib-
uting to producing an accurate website effectiveness value.
From the foregoing, it will be appreciated that the selection of
website effectiveness variables is directly related to website
effectiveness model producing meaningful and accurate
results.

An independent website effectiveness variable is then
selected in step 622, and the initial website effectiveness
value is used as the dependent variable. The model is then run
in step 624 with varying values of the independent variable to
determine its respective effect on website effectiveness value.
The effect of these effects on website effectiveness can then
be quantified as inputs to a corresponding website effective-
ness model. As an example, contribution percentages from
the results of this run of the model can be applied to the
website effectiveness variable “revenue value” in subsequent
runs of the website effectiveness model. The results of those
subsequent runs can then be used to optimize website effec-
tiveness variables to improve overall website effectiveness.
Those of skill in the art will recognize that the foregoing
approach will assist in determining the long-term impact of a
given website effectiveness variable on overall website effec-
tiveness. A determination is then made in step 624 whether to
select another independent variable. If so, then the process is
continued, proceeding with step 622. Otherwise, predictive
website analytics operations are ended in step 626.

The present invention is well adapted to attain the advan-
tages mentioned as well as others inherent therein. While the
present invention has been depicted, described, and is defined
by reference to particular embodiments of the invention, such
references do not imply a limitation on the invention, and no
such limitation is to be inferred. The invention is capable of
considerable modification, alteration, and equivalents in form
and function, as will occur to those ordinarily skilled in the
pertinent arts. The depicted and described embodiments are
examples only, and are not exhaustive of the scope of the
invention.

For example, the above-discussed embodiments include
software modules that perform certain tasks. The software
modules discussed herein may include script, batch, or other
executable files. The software modules may be stored on a
machine-readable or computer-readable storage medium
such as a disk drive. Storage devices used for storing software
modules in accordance with an embodiment of the invention
may be magnetic floppy disks, hard disks, or optical discs
such as CD-ROMs or CD-Rs, for example. A storage device
used for storing firmware or hardware modules in accordance
with an embodiment of the invention may also include a
semiconductor-based memory, which may be permanently,
removably or remotely coupled to a microprocessor/memory
system. Thus, the modules may be stored within a computer
system memory to configure the computer system to perform
the functions of the module. Other new and various types of
computer-readable storage media may be used to store the
modules discussed herein. Additionally, those skilled in the
art will recognize that the separation of functionality into
modules is forillustrative purposes. Alternative embodiments
may merge the functionality of multiple modules into a single
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module or may impose an alternate decomposition of func-
tionality of modules. For example, a software module for
calling sub-modules may be decomposed so that each sub-
module performs its function and passes control directly to
another sub-module.

Consequently, the invention is intended to be limited only
by the spirit and scope of the appended claims, giving full
cognizance to equivalents in all respects.

What is claimed is:

1. A computer-implementable method for optimizing web-
site effectiveness, comprising:

implementing a plurality of website effectiveness variables

within a Bayesian network, the plurality of website
effectiveness variables comprising individual website
effectiveness variables, aggregate website effectiveness
variables, each aggregate website effectiveness variable
comprising a respective group of website effectiveness
variables, and correlated website effectiveness vari-
ables, each correlated website effectiveness variable
being affected by at least one counterpart website effec-
tiveness variable;

receiving original input data associated with the plurality

of website effectiveness variables, the plurality of web-
site effectiveness variables corresponding to a respective
plurality of elements of a website contributing to web-
site effectiveness;

processing the original input data to generate a first website

effectiveness value, the input data processed by a web-
site effectiveness model;
processing the first website effectiveness value to generate
a dependent variable;

changing input data corresponding to an individual website
effectiveness variable of the plurality of website effec-
tiveness variables to generate changed input data;

using the website effectiveness model to process the origi-
nal input data, the dependent variable, and the changed
input data with to generate a second website effective-
ness value; and

processing the first and second website effectiveness val-

ues to determine the effect of the changed data on the
first website effectiveness value.

2. The method of claim 1, wherein the original input data
comprises measurement data associated with at least one of:

a website design;

a website feature;

website content;

a website message;

a website function;

a website process; and

a website user experience.

3. The method of claim 1, wherein an analytic method used
by the website effectiveness model comprises at least one of:

multivariate analysis;

regression analysis;

Bayesian modeling;

structural equation modeling (SEM); and

business intelligence analytics.

4. The method of claim 1, wherein the original input data is
cleansed prior to being processed.

5. The method of claim 1, wherein:

the original input data comprises time series data further

comprising lag values; and

the lag values are processed to solve the lag values prior to

being processed.

6. The method of claim 1, wherein the website effective-
ness model is pruned prior to being processed to ensure busi-
ness sense.
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7. A system comprising:
a processor;
a data bus coupled to the processor; and
a non-transitory, computer-readable storage medium
embodying computer program code, the non-transitory,
computer-readable storage medium being coupled to the
data bus, the computer program code interacting with a
plurality of computer operations and comprising
instructions executable by the processor and configured
for:
implementing a plurality of website effectiveness vari-
ables within a Bayesian network, the plurality of web-
site effectiveness variables comprising individual
website effectiveness variables, aggregate website
effectiveness variables, each aggregate website effec-
tiveness variable comprising a respective group of
website effectiveness variables, and correlated web-
site effectiveness variables, each correlated website
effectiveness variable being affected by at least one
counterpart website effectiveness variable;
receiving original input data associated with a plurality
of website effectiveness variables, the plurality of
website effectiveness variables corresponding to a
respective plurality of elements of a website contrib-
uting to website effectiveness;
processing the original input data to generate a first
website effectiveness value, the input data processed
by a website effectiveness model;
processing the first website effectiveness value to gen-
erate a dependent variable;
changing input data corresponding to an individual web-
site effectiveness variable of the plurality of website
effectiveness variables to generate changed input
data;
using the website effectiveness model to process the
original input data, the dependent variable, and the
changed input data with to generate a second website
effectiveness value; and
processing the first and second website effectiveness
values to determine the effect of the changed data on
the first website effectiveness value.
8. The system of claim 7, wherein the original input data
comprises measurement data associated with at least one of:
a website design;
a website feature;
website content;
a website message;
a website function;
a website process; and
a website user experience.
9. The system of claim 7, wherein an analytic method used
by the website effectiveness model comprises at least one of:
multivariate analysis;
regression analysis;
Bayesian modeling;
structural equation modeling (SEM); and
business intelligence analytics.
10. The system of claim 7, wherein the original input data
is cleansed prior to being processed.
11. The system of claim 7, wherein:
the original input data comprises time series data further
comprising lag values; and
the lag values are processed to solve the lag values prior to
being processed.
12. The system of claim 7, wherein the website effective-
ness model is pruned prior to being processed to ensure busi-
ness sense.
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13. A non-transitory, computer-readable storage medium
embodying computer program code, the computer program
code comprising computer executable instructions config-
ured for:

implementing a plurality of website effectiveness variables

within a Bayesian network, the plurality of website
effectiveness variables comprising individual website
effectiveness variables, aggregate website effectiveness
variables, each aggregate website effectiveness variable
comprising a respective group of website effectiveness
variables, and correlated website effectiveness vari-
ables, each correlated website effectiveness variable
being affected by at least one counterpart website effec-
tiveness variable;

receiving original input data associated with a plurality of

website effectiveness variables, the plurality of website
effectiveness variables corresponding to a respective
plurality of elements of a website contributing to web-
site effectiveness;

processing the original input data to generate a first website

effectiveness value, the input data processed by a web-
site effectiveness model;
processing the first website effectiveness value to generate
a dependent variable;

changing input data corresponding to an individual website
effectiveness variable of the plurality of website effec-
tiveness variables to generate changed input data;

using the website effectiveness model to process the origi-
nal input data, the dependent variable, and the changed
input data with to generate a second website effective-
ness value; and

processing the first and second website effectiveness val-

ues to determine the effect of the changed data on the
first website effectiveness value.

30

12

14. The non-transitory, computer-readable storage
medium of claim 13, wherein the original input data com-
prises measurement data associated with at least one of:

a website design;

a website feature;

website content;

a website message;

a website function;

a website process; and

a website user experience.

15. The non-transitory, computer-readable storage
medium of claim 13, wherein an analytic method used by the
website effectiveness model comprises at least one of:

multivariate analysis;

regression analysis;

Bayesian modeling;

structural equation modeling (SEM); and

business intelligence analytics.

16. The non-transitory, computer-readable storage
medium of claim 13, wherein the original input data is
cleansed prior to being processed.

17. The non-transitory, computer-readable storage
medium of claim 13, wherein:

the original input data comprises time series data further

comprising lag values; and

the lag values are processed to solve the lag values prior to

being processed.

18. The non-transitory, computer-readable storage
medium of claim 13, wherein the website effectiveness model
is pruned prior to being processed to ensure business sense.
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